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[ Abstract ]

diomics as an emerging technology can transform the image features into the quantifiable and computable data

Lung cancer is currently one of the most aggressive malignant tumors in the world,and ra-

features,plays a crucial role in the diagnosis and treatment process of lung cancer. With the construction of
medical big data, artificial intelligence (AI) and radiomics can make use of imaging images to provide more
valuable information in screening and diagnosis, histopathological assessment and prediction of treatment re-
sponse in lung cancer,thus assisting in the formulation of individualized treatment regimen,realizing accurate
diagnosis and treatment and improving the patient’s prognosis. However, there are still many problems to be
solved in the application of Al systems to clinical practice. This paper reviews the research progress of Al and
radiomics in lung cancer screening and diagnosis.staging and grading,and efficacy assessment, and discusses
the limitations and challenges that still exist in the clinical practice in order to provide reference for subsequent
research.
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