516 EAEF220252A%5145%3M
. i‘a? J‘ZB. . doi:10.3969/]. issn. 1671-8348. 2022. 03. 034
WM& E % https://kns. cnki. net/kems/detail/50. 1097. R. 20210819, 1728. 004. htm1(2021-08-20)
o &b [5~4
ANIEREEEHSHFANNAARHTERE
8 B R BBRAES TR
(ZFRERRFWES —EREAFH  400010)

[ﬁx]:@?%&éﬁﬁm&aﬁﬁﬁﬁikmhmﬁmﬁﬁ&/d%"uAD%ﬁﬁAﬁm%&$%
B.Cy 2 A THEARAESF, EABRLTH ARRNEARMERAMNEFETRIFOEATF. BEFIER
(CKD)# ERZLEALAKRECAAZTE LA RZLHF AERMBE—ARERAZT KEFAR J’-ﬁé’a?rﬁﬁﬂw
& | ﬁ CKD %98 2w A #4742 38 , A CKD #9 & #fb Mg id 7 38 T4 F B LH.

[RIA] AT Ak Mk W RES 5 40095 B 5 U % 4

[hEZESEE] R692.1 [CERPRIRAE] A 1671-8348(2022)03-0516-04

[XEHS]

Research progress in the application of artificial

intelligence in chronic kidney disease”
BAI Yuhuan ,LIAO Xiaohui”

(Department of Nephrology ,The Second Affiliated Hospital of Chongqing

Medical University ,Chongqing 400010, China)
[Abstract] In recent years,with the rapid development of computer hardware and software technology
and internet information,artificial intelligence (Al),as a hot research field, has been widely used in clinical
medicine and has shown good application prospects in disease diagnosis,disease risk and prognosis prediction.
The prevalence of chronic kidney disease (CKD) continues to rise globally. Improving diagnosis and treatment
and improving prognosis have always been the focus and difficulty of the medical staff. This article reviews the
research and application of Al in chronic kidney disease,in order to provide feasible means to support the effi-

cient and accurate diagnosis and treatment of chronic kidney disease.
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